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* Definition: given a trained model, the goal is to estimate .+ Confidence reflects whether the individual prediction is certain .+ Nuclear norm is effective in characterizing both confidence and dispersity
its accuracy on various test datasets without labels Existing methods (e.g., DoC and ATC) explore such information Prediction Matrix P € RNXK (N, test samples, and K classes)
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- Prediction Dispersity Nuclear norm exhibits the highest correlation strength with OOD accuracy
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training set Unlabeled Unlabeled : Predlctlpn Dispersity Score: we first calculate the histogram of the number of ' 1) Other methods are stable under class imbalance; distribution, we can expect
test set 1 test set N 5 the predicted class and then use entropy to measure the degree of balance . 2) Nuclear Norm is resistant to moderate class imbalance; class predictions to follow it
! Vit . DenseNet BeiT : 3) Nuclear Norm is less effective under severe class imbalance. rather than a uniform one
2 ¢ ssu ' ol ! R2=0.914 R2=0.942 R2=0.885 !
Fre-assymption  Tabeled ™ ;"= R o 5 :
: = : m=0.2 m=0.2 , m=0.2 o 30, a08e3%e3%este3 o
i z o . ; B S = 7| =| ;o S ||+ Pt 0| @)EERE ()
: 3 3 : o | & Mm=10 5| I molo| _nd® || = melo| g R L
In-distribution accuracy may only be a weak predictor of g 2 i N | S = " - 56 . 3‘: *
] ’ ] , S 35 - I = a6 R?=0.881 46 R?=0.950 46 R?=0.960 R0 NoNsAR
performance on out-of-distribution data; 5 5 - p=0918 " p=0.980 . p=0.982 b g e
Eva|uati0n WithOUt |abe|S and under diStribUtion ShiftS : ‘086 092 0.98 0.65 0.8 0.95 2 086 092 0.98 : 075 08 085  0.89 0.94 0.86 088 091  0.94 0.96 075 08 085  0.89 0.94 @.§°;z...§;::;§:§.§§..;.: -
i Prediction Dispersity Prediction Dispersity Prediction Dispersity | Nuclear Norm Average Negative Entropy Average Confidence




