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Unsupervised Accuracy Estimation Correlation Study

® Correlation study across different backbones
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Motivation = Test our multi-task network on them and calculate: a) sematic classification accuracy;

b) rotation prediction accuracy

> Rotation prediction is self-supervised: we can obtain its Linear Regression for Accuracy Estimation

| _ = Measure the accuracy relationship between two types of tasks
rotation labels freely and calculate its accuracy on any test set;
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We train a multi-task network for both semantic classification 2 200 g . 5 309 performance which can
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. good object recognition accuracy under the same environment, and vice versa
classification head

The code is available at http://weijiandeng.xyz
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