Australlan - Are [abels Always Necessary for Classifier Accuracy Evaluation? e

National .
Weijian Deng and Liang Zheng

Australian National University

It contains many datasets from different distributions
1) image transform and 2) background change
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Model. Alinear = Alinear (f) = W1 flinear + wo Comparing linear regression and neural network regression when

test data undergo new image transformations: A) Cutout and Shear;
B) Equalize and ColorTemperature

Network regression is more robust than linear regression

N =

Feature:  fiinear = FD(Dori, D) = ||ptori — pal|z + Tr(Zori + X — 2(Zori X))

seed set sample set 1 sample set 2

Fréchet distance (FD) measures the difference between training and test distributions
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® Neural network regression
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Model: ' MR — Aneural (fneura,l) Ben-David, Shai, et al. “A theory of learning from different domains.” Machine learning, 2010
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Feature:  fneurat = [flinear; 14; O]
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Network regression uses mean, co-variance, and FD to represent each test set https://weijiandeng.xyz/AutoEval E] E]
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